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ABSTRACT
The rapid advancement of digital technology has significantly increased the importance of using digital tools in 
business management and marketing practices. To remain competitive in a dynamic market environment, it is 
essential for today's entrepreneurs to develop readiness in terms of skills, cognitive capacity, and technological 
tools to adopt digital technologies. This assumption is equally relevant to the growth and sustainability of micro-
entrepreneurs from low-income backgrounds, particularly those receiving business assistance. Guided by 
the Technology Acceptance Model (TAM), this study assesses the level of adoption of digital technology and 
readiness among micro-entrepreneurs from this group.  TAM is a widely used model for how users come to accept 
and use new technology, focusing on individual internal motivational factors, such as perceived usefulness and 
ease of use. A survey methodology was employed to collect the necessary data.  The participants were micro-
entrepreneurs classified as poor and needy who had received business capital support from the Negeri Sembilan 
Islamic Religious Council, funded through zakat-based resources. The findings indicate that the usage of digital 
technology is at a moderate level, while the readiness to adopt it is relatively high, with mean values of 3.578 and 
4.023, respectively.   ANOVA analysis reveals that skills readiness (p = 0.022, p < 0.05) and cognitive readiness (p = 
0.04, p < 0.05) are significantly associated with the extent of digital technology utilization. The results indicate that 
the possession of relevant skills and a positive mindset regarding the benefits of digital technology play a key role 
in determining its usage in business operations. These results highlight the need for targeted training programs 
aimed at enhancing digital competencies among low-income entrepreneurs. Strengthening these capacities 
is essential to support business sustainability and growth. This study aligns with the first Sustainable Development 
Goal (SDG) on poverty eradication, emphasizing the role of zakat optimization through productive distribution 
and the integration of modern technologies. 
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1. INTRODUCTION

According to Hang and Kim (2025), digital technology 
encompasses a diverse array of intelligent systems, 
including cloud computing, among others, the 
Internet of Things (IoT), and machine learning. Such 
technologies col lectively faci l itate automation, 
information dissemination, and connectivity. Operating 
through various platforms and devices designed to 
collect and process data, they link with applications 
via the internet or other systems to enhance strategic 
performance and promote efficient resource utilization. 
Hang and Kim (2025) further argue that organizations 
with advanced digital infrastructures are better 

positioned to adapt to dynamic business environments 
and achieve superior performance outcomes. This 
is because advanced digital infrastructure, such as 
the Accounting Information System, enables efficient 
and effective interactions between firms and all their 
internal and external stakeholders, while enhancing 
the business capacity for data collection, information 
processing, and increased transparency throughout 
their operations.

In this evolving technological landscape, artificial 
intell igence (AI) has emerged as a sophisticated 
subset of digital technology. AI represents a recent 
advancement in computer science, involving systems 
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that simulate human intellectual processes to enhance 
efficiency and performance across various sectors. 
The core objectives of AI include replicating human 
intelligence, solving complex knowledge-based tasks, 
enabling machines to perform functions traditionally 
requiring human cognition, and fostering systems 
that can learn and adapt autonomously (Ghosh 
& Arunachalam, 2021). AI technologies respond 
intelligently to user input, mimicking human thought 
processes and decision-making. Increasingly, AI is 
recognized as a transformative force with broad 
applications in industries such as business, defense, 
aerospace, and healthcare. In the business context, AI 
enhances operational efficiency, supports automation, 
and facilitates data-driven decision-making, including 
for micro-entrepreneur groups. Strategically integrating 
AI into business operations can improve competitiveness, 
particularly in volatile and complex markets. Moreover, 
AI adoption has the potential to replace or augment 
human functions, especially in roles constrained by 
cost or limited capacity.  In this study, the distinction 
between information technology and AI is not the 
central focus. Rather, both are collectively considered 
under the umbrella of digital technology, reflecting 
their interconnected functions and contributions to 
contemporary business practices. These terms are 
used interchangeably to define the scope of digital 
technology within the study context.

In today’s rapidly changing business environment, 
ent repreneur s must be equipped to harness 
advancements in digital technology to ensure 
sustainable growth and remain aligned with ongoing 
technological transformations. This imperative also 
applies to micro-entrepreneurs, particularly those 
participating in entrepreneurship programs targeted 
at asnaf from the poor and needy categories (Adnan 
et al., 2021; Meerangani et al., 2023). It is assumed 
that this group experiences increasing pressure to 
integrate digital technologies into their businesses due 
to income constraints and growing market competition. 
They differ from ordinary micro-entrepreneurs in terms 
of the struggles and hardships they experience in 
life, which in turn limit their capital and exposure to 
technological investment opportunities. Nonetheless, 
digital integration remains critical for enhancing cost 
efficiency, operational effectiveness, and long-term 
competitiveness in increasingly saturated markets. This 
necessity aligns with the views of Ramdan et al. (2020) 
and Hang and Kim (2025), who highlight the profound 
impact of technological advancements on all business 
sectors, including micro, small, and medium enterprises 
(MSMEs).

Zakat is one of the fundamental pil lars of Islam, 
obligatory for all Muslims who meet the eligibility 
requirements as outlined in the Qur’an (Ibrahim et al., 
2023; Bahri et al., 2023). The Qur’an also identifies the 

eligible recipients of zakat, collectively known as asnaf. 
There are eight categories of asnaf, with the poor being 
further classified into two distinct groups: fakir and 
miskin, each reflecting different levels of poverty. The 
fakir (needy) refers to Muslims who have no property 
or income, or whose means fall short of 50% of their 
basic needs and those of their dependents (Ibrahim et 
al. 2023). In contrast, the miskin (poor) refers to Muslims 
whose assets or income cover more than half, but not 
all, of the needs of themselves and their dependents 
(Ibrahim et al., 2023).  Zakat distribution to asnaf falls into 
two categories: consumptive, which provides short-term 
assistance to meet basic needs, and productive which 
aims to promote long-term economic empowerment for 
the asnaf (Bahri et al., 2023). Business capital assistance is 
one form of productive zakat distribution, where eligible 
recipients from the poor categories receive financial 
support to initiate or grow micro-enterprises, with the 
aim of improving their long-term economic well-being 
(Meerangani et al., 2023; Bahri et al., 2023). This study 
focuses on low-income entrepreneurs classified as asnaf, 
who have received zakat-funded business assistance 
through the asnaf entrepreneurship program.

This paper aims to examine the level of digital technology 
usage and readiness among micro-entrepreneurs from 
low-income backgrounds participating in a zakat-
funded entrepreneurship program in Malaysia. This 
study seeks to provide insights into how entrepreneurs 
from disadvantaged economic groups in developing 
countries are responding to the adoption and integration 
of digital technologies in their business operations.  
Additionally, the findings are expected to inform the 
development of more effective entrepreneurship 
programs aimed at fostering resilient and competitive 
businesses among low-income entrepreneurs.  Such 
contributions are particularly relevant to achieving the 
United Nations Sustainable Development Goal (SDG) 
1 on poverty eradication by enhancing the effective 
use of zakat resources alongside the adoption of digital 
technology.  In short, zakat-based capital provides an 
essential resource for the asnaf to empower their long-
term economic status through sustainable business 
ventures, while the adoption of digital technology 
enhances the efficiency and effectiveness of their 
operations. 

2. LITERATURE REVIEW

2.1 Technology Acceptance Model (TAM)
The Technology Acceptance Model (TAM) is a well-
established and widely applied theoretical framework in 
the study of technology adoption and implementation, 
particularly in the context of digital business (Taherdoost, 
2018; Gayathri & Buvaneswari, 2019; Schorr, 2023). 
TAM has evolved through continuous validation and 
refinement, resulting in three distinct versions: the 
original TAM, TAM2, and TAM3, each enhancing its 
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explanatory power in different contexts.  According to 
Taherdoost (2018) and Gayathri and Buvaneswari (2019), 
TAM was developed by Davis (1986) as an adaptation 
of the Theory of Reasoned Action (TRA), which had 
earlier been developed by Fishbein and Ajzen in 1975.  
Davis identified two dominant factors influencing the 
acceptance or rejection of new technology systems 
among users (Schorr, 2023). Consequently, the original 
version of TAM, pioneered by Davis, proposed that 
individual acceptance of technology is determined by 
two main factors: perceived usefulness and perceived 
ease of use, as illustrated in Figure 1.

Perceived usefulness refers to the degree to which a 
person believes that using a particular technology 
will enhance their task performance, while perceived 
ease of use denotes the degree to which a person 
believes that using the technology is easy to use. These 
constructs form the core of TAM, which suggests that a 
user's acceptance of technology is shaped by these two 
beliefs. These beliefs then influence their attitude and 
behavioral intention to use the technology. 

The Technology Acceptance Model (TAM) has 
undergone several refinements through continuous 
validation, leading to the development of TAM2. In 
this second version, social influence and cognitive 
instrumental processes were introduced as factors 
influencing users' intentions prior to actual usage 
behavior.  In the third version, TAM3, the construct of 
attitude toward usage was removed, as empirical 
testing failed to confirm a consistent correlation 
between this construct and both perceived usefulness 
and perceived ease of use. Instead, both perceived 
usefulness and ease of use were found to be strongly 
associated with the behavioral intention to use. The 
most significant advancement in TAM3 compared to 
previous versions is its emphasis on the determinants of 

perceived ease of use, including individual differences, 
system characteristics, social influence, and facilitating 
conditions.  Accordingly, this study adopts the TAM 
framework as the theoretical foundation, particularly 
in identifying the relevant constructs to be measured: 
the actual usage behavior and digital technology 
readiness.  In this study, the concept of digital 
technology readiness has been operationalized by 
linking ‘perceived usefulness’ to cognitive readiness, 
‘perceived ease of use’ to instrumental readiness, and 
‘behavioral intention to use’ to digital technology skills 
readiness.

“Perceived usefulness” refers to the extent to which an 
individual perceives digital technology adoption as 
necessary for their business within the current business 
environment. In this study, it is measured by cognitive 
readiness, which is defined as the existing mental state 
or belief system held by the individual (Parasuraman, 
2000). The state of mind regarding digital technology 
adoption can be either positive or negative, and 
it influences actual efforts or behaviors (Venkatesh 
& Davis, 2000; Da Silva et al., 2023).  Meanwhile, 
“perceived ease of use” reflects the extent to which 
entrepreneurs can utilize available digital technology 
in their business, while taking into account potential 
limitations they may encounter. The most advanced 
technology would be meaningless if the community had 
restrictions on making use of such technology. 

Therefore, instrumental readiness acknowledges the 
unique context of asnaf entrepreneurs, who need to 
manage limited resources and operate within a tight 
budget. Instrumental readiness refers to the availability 
and accessibility of physical resources such as devices, 
tools, gadgets, and internet connectivity necessary for 
digital technology adoption (Parasuraman, 2000; Da 
Silva et al., 2023). 

Figure 1:  Original Version of Technology Acceptance Model (TAM) (Source:  Schorr, 2023).
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Finally, “behavioral intention to use” refers to an 
individual’s capability to use digital technology, as 
reflected by their existing skills and motivation to acquire 
new competencies. Digital technology skills readiness 
represents the ability and willingness of individuals to 
engage with digital technology applications, either 
by utilizing their current skills or by showing interest 
in developing new skills (Compeau & Higgins, 1995; 
Venkatesh & Bala, 2008; Da Silva et al., 2023).

Although the Unified Theory of Acceptance and Use 
of Technology (UTAUT) was introduced by Venkatesh 
et al. (2003), TAM3 and UTAUT are regarded as 
complementary rather than competing models in 
explaining technology adoption behavior (Schorr, 
2023).  In fact, Davis, the originator of TAM, collaborated 
with Venkatesh in developing and testing UTAUT. 
UTAUT is a more comprehensive model, incorporating 
additional variables that capture technological and 
contextual developments relevant to its development. 
It introduces four core determinants of behavioral 
intention to use and user behavior: performance 
expectancy, effort expectancy, social influence, and 
facilitating conditions.  Other moderating variables, 
such as experience, voluntariness of use, gender, and 
age, also influence technology adoption behavior. 
Access to resources and support systems is particularly 
relevant for older or less experienced users.  Despite 
the existence of UTAUT, this study adopts TAM3 as the 
guiding theoretical model. This choice is based on its 
relevance to the research context, specifically focusing 
on micro-entrepreneurs who are zakat recipients. These 
individuals are typically in the early stages of business 
development and are more influenced by individual-
level factors.

2.2 The Impact of Digital Technology Application on Small 
Business Performance
Digital technology has been found to significantly 
influence the performance of small businesses (Ramdan 
et al., 2020; Roman & Rusu, 2022; Larbi & Larbi, 2022; 
Faruque et al., 2024; Hang & Kim, 2025; Schwaeke et al., 
2025). Hang and Kim (2025) reported that digitalization 
leads to improvements in information quality, followed 
by enhancements in system and service quality. These 
improvements ultimately contribute to better overall 
business performance in small enterprises. According 
to Roman and Rusu (2022), the benefits of business 
digitalization include reduced transaction costs, 
faster and better access to information, improved 
communication efficiency among employees, suppliers, 
and networks, and broader integration into both 
domestic and international markets. It also facilitates 
access to various business resources, such as financing, 
training, and opportunities for growth.  Moreover, Omar 
(2023) found that increased access to and proficiency 
in digital technologies among B40 entrepreneurs in 
Malaysia have contributed to improvements in their 

socioeconomic status. Digital tools have enabled these 
entrepreneurs to expand their markets and business 
performance. Additionally, digital technology skills 
offer a competitive advantage in managing businesses 
more efficiently and fostering innovation in product and 
service development.   In a study on the use of Artificial 
Intelligence in Marketing (AIM) among small and 
medium-sized enterprises (SMEs), Larbi and Larbi (2022) 
found that AI positively impacts financial performance, 
customer relationship performance, internal business 
processes, and learning and growth outcomes within 
small businesses.

Although digital technology offers wide-ranging 
benefits, many micro and small firms still lag behind in 
adopting advanced technologies, especially when 
compared to larger enterprises (Ramdan et al., 2020; 
Roman & Rusu, 2022; Faruque et al., 2024; Schwaeke 
et al., 2025). For example, Roman and Rusu (2022) 
reported that only one-third of SMEs in Europe had 
implemented digital technologies in their operations. 
The primary barriers to adoption were identified as 
a lack of knowledge, skills, and financial resources. 
Ramdan et al. (2020) found that key factors influencing 
the adoption of digital platforms among micro and 
small enterprises include digital literacy, customer 
relationship development, and the establishment of 
a supportive digital ecosystem. Similarly, Huseyn et al. 
(2024) observed that small businesses led by owners 
or managers with higher education or professional 
qualifications, those employing IT-skilled personnel, 
and those providing IT training to their staff were more 
likely to implement AI in their operations. These findings 
emphasize the critical role of knowledge and technical 
skills in promoting the use of digital technologies within 
the small business sector.  Faruque et al. (2024) further 
identified challenges to digital technology adoption 
and transformation among small businesses, including 
limited technological knowledge, insufficient financial 
resources, inadequate digital infrastructure, and a 
shortage of skilled workers. 

Given these challenges, it is essential to understand 
the extent of digital technology usage and readiness 
among micro-entrepreneurs, particularly among lower-
income background entrepreneurs in the developing 
countries context. This aligns with the recommendation 
by Schwaeke et al. (2025), who called for more research 
on country-specific phenomena in the adoption 
of AI among SMEs. Such research can help identify 
context-relevant factors influencing adoption and 
inform strategies and policies tailored to the unique 
characteristics of the target entities.  Accordingly, 
the present study seeks to provide insights into how 
skills training and support programs can be improved 
to enhance the digital competencies of micro-
entrepreneurs from lower-income groups, specifically 
those in the asnaf categories of the poor and needy 
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who have received capital support via zakat-funded 
entrepreneurship initiatives.

2.3 Application of Digital Technology in Business
According to Ghosh and Arunachalam (2021), the depth 
of artificial intelligence (AI) technologies’ application 
can be categorized into three levels: weak AI, general 
AI, and strong AI. Weak AI refers to applications that are 
limited to task-specific systems performing predefined 
tasks without exhibiting cognitive abilities. This type of 
AI is the most prevalent and widely adopted globally, 
with examples including Apple’s Siri, AlphaGo, Alexa, 
and similar virtual assistants.  General AI refers to systems 
capable of performing tasks at a level comparable 
to human capabilities.  However, such systems are 
not yet in existence, as no machine has yet fully 
replicated human thinking or decision-making (Ghosh 
& Arunachalam, 2021). Strong AI, by contrast, refers to 
machines that could outperform human capabilities 
and potentially replace humans entirely for certain tasks. 
While such advanced AI has not yet been developed, 
its emergence is plausible given the rapid pace of 
technological advancement.  In the context of this 
study, the focus is on weak AI applications, as these are 
most relevant to the entrepreneurial context examined 
and reflect the current stage of AI adoption in Malaysia.

Ghosh and Arunachalam (2021) also distinguish 
between two types of AI assistance for humans: manual 
assistants (in the form of robots) and digital assistants 
(such as chatbots). Manual assistants are typically 
employed to perform high-risk, repetitive, or precision-
based physical tasks in challenging environments. 
Digital assistants, on the other hand, are used for tasks 
involving human interaction, such as customer service, 
online troubleshooting, and the management of 
digital activities. In business operations, both types of 
AI tools play crucial roles in improving efficiency and 
performance. Manual assistants reduce production 
costs and enhance productivity, while digital assistants 
streamline communication processes, automate 
repetitive inquiries, and improve customer satisfaction.  
AI’s unique value lies in its cognitive capabilities, namely 
its capacity to think and make decisions. However, in the 
context of this study, the distinction between general 
digital technology and AI is not a primary concern. 
Instead, AI is treated as one component of digital 
technology, considered beneficial and relevant to small 
business operations.

According to Hang and Kim (2025), one of the 
key functions of digital technology in business is 
strengthening organizational information systems, 
including Accounting Information Systems (AIS). These 
systems represent a form of weak AI, as they support 
routine tasks such as col lecting and managing 
organizational data. AIS, for instance, functions to 
collect, process, store, generate, and report financial 

data. The output generated from AIS enables objective 
and systematic evaluation of business performance, 
while also supporting key decision-making processes 
in areas such as investment, performance evaluation, 
and operational management.  Roman and Rusu (2022) 
found that among SMEs in Europe, most digital adoption 
is still limited to basic technologies, such as the use of 
email and the development of business websites. In 
contrast, Larbi and Larbi (2022) investigated the use 
of AI in marketing (namely the Artificial Intelligence in 
Marketing) among SMEs in developing countries. Their 
findings highlight the adoption of Internet of Things (IoT) 
applications, Collaborative Decision-Making Systems 
(CDMS), virtual and augmented reality (VAR), and 
personalized product and service offerings tailored 
to customer needs.  Other studies, such as Rita et al. 
(2025) and Masnita et al. (2024), further underscore 
the role of AI in enhancing marketing effectiveness 
through automation, targeting, and personalization 
strategies that improve customer engagement and 
business outcomes.

Thus, the literature has revealed a broad spectrum of 
digital technology applications in business, ranging from 
basic tools like email and websites to more specialized 
digital systems, such as AIS and AIM, which can be 
associated with weak AI.  These technologies serve a 
variety of functions, from marketing and operational 
management to record keeping and decision-making, 
demonstrating their strategic value in enhancing 
business performance, efficiency, and adaptability 
to a rapidly evolving digital marketplace.  This study 
fills the gap by exploring the level of usage as well as 
the readiness among entrepreneurs comprising of the 
lower-income and the marginalized group who have 
received specific business assistance from the relevant 
agency. 

3. METHODOLOGY

This study employed a quantitative approach, 
specifically a survey technique, to collect data. 
The study population consisted of lower- income 
entrepreneurs categorized as asnaf, who participated in 
an entrepreneurship program organized by the Negeri 
Sembilan Islamic Religious Council in Malaysia. The 
sampling frame was based on a list of entrepreneurs 
from 12 districts within the state, amounting to 290 
individuals. Referring to Krejcie and Morgan’s (1970) 
sample size determination table, a sample size of 165 
was deemed appropriate.

The online questionnaire was distributed to participants 
in 12 districts, with assistance from the agency. A Google 
Form link was shared with the entrepreneurs who had 
received business capital assistance from the agency. 
The link was disseminated through social media groups 
coordinated by the agency's Entrepreneur Unit. A total 
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of 32 complete questionnaires were collected after 
a one-month distribution period. This accounted for 
approximately 19% of the required sample size and was 
subsequently analyzed.

Given the exploratory nature of this study, descriptive 
statistical analysis was conducted to assess the level 
of digital technology usage and readiness within the 
specified group. Mean and standard deviation were 
used as measures of central tendency and dispersion, 
respectively, to describe the technology usage and 
readiness levels.  Additionally, a one-way ANOVA was 
conducted to test for significant differences in digital 
technology usage across the three constructs of digital 
readiness.

4. ANALYSIS

Table 1 summarizes the demographic profile of the 
respondents. The majority of respondents in this study 
were women, totaling 27 individuals (84.4%), while 
only 5 respondents (15.6%) were men. Most of the 
entrepreneurs were in their mid to late adulthood age 
group. The largest age group consisted of individuals 
aged 38 to 43 years, comprising 11 respondents (34.4%). 
This was followed by the age groups 44 to 49 years and 
50 years and above, each with 8 respondents (25.0%). 
Only 4 respondents (12.5%) were between the ages of 32 
and 37, while the youngest respondent, aged between 
26 and 31, accounted for just one individual (3.1%).  

4.1 Level of Digital Technology Usage 
Based on Table 2, the Cronbach alpha value (0.858) 
indicates that all items within this construct consistently 
measure aspects of digital technology usage. Overall, 
the level of digital technology usage is moderate, with 
a mean score of 3.578. This overall mean score of 3.578 
suggests that the actual proficiency in using digital 
technology to ensure smooth and effective business 
operations is not yet optimal.

Item 6, which refers to the use of cashless payment 
methods such as QR codes and bank transfers, recorded 
the highest score (mean = 4.28, standard deviation = 
0.888). This suggests that entrepreneurs have made 
efforts to adapt and adopt the latest developments 
in f inancial digital technology for their business 
transactions.

However, lower scores were recorded for Item 1 – “I use 
communication and digital technologies available on 
my phone (e.g., Siri, ChatGPT) to manage my business” 
– and Item 3 – “I am proficient in using communication 
and digital technology applications in managing my 
business.” Both items recorded the lowest mean score 
of 3.22, with standard deviations of 1.263 and 0.941, 
respectively. This indicates that the entrepreneurs 
involved are still not fully exposed to or familiar with 
more advanced technological applications, including 
artificial intelligence (AI) in managing their businesses.

Table 1: Demographic profiles

Table 2: Digital technology usage
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4.2 Readiness of Digital Technology Usage 
The construct of readiness for digital technology 
adoption i s represented by three dimensions: 
technological skills readiness, cognitive/attitudinal 
readiness (i.e., perceptions of the impact of technology 
on business), and instrumental readiness, which refers 
to limitations in access to digital resources. The skills 
dimension reflects whether entrepreneurs are capable 
of using basic or advanced digital technologies. The 
perceptual dimension captures their optimism or 
pessimism toward the application of digital technology 
in their business operations. Meanwhile, the resource 
limitation dimension represents structural or material 
constraints that hinder their ability to utilize digital 
tools.  Taken together, these three dimensions provide 
a comprehensive picture of the extent to which 
entrepreneurs are both inclined and able to adopt 
digital technologies in the future as part of their business 
practices. Based on Table 3, the overall level of readiness 
for digital technology usage is relatively high, with a 
total mean score of 4.023. The detailed analysis of the 
technology readiness construct is as follows:

4.2.1 Skills Readiness – Mastery of Digital Technology Skills
According to Table 3, the overall mean score for mastery 
of digital technology skills is 3.615, with a Cronbach’s 
alpha reliability coefficient of 0.789, indicating good 
internal consistency. The lowest mean score was 
recorded for Item 1, “I am capable of using online 
applications independently without assistance” (mean 
= 3.16), which suggests that some entrepreneurs still 
rely on external help when using digital technologies. 
However, Item 3, “I am interested in learning about 

communication and digital technologies to market 
my products/services more effectively,” recorded the 
highest mean in this construct (mean = 4.34), indicating 
a strong interest and positive attitude toward learning 
new technologies. This demonstrates that despite 
current low skill levels, there is a strong willingness among 
entrepreneurs to learn and adapt to technological 
advancements.

4.2.2 Cognitive Readiness – Perception of Technology’s 
Impact on Business
According to Table 3, the overall mean score for 
cognitive readiness is 4.271, with a high Cronbach’s 
alpha of 0.905, indicating excellent reliability. This 
reflects strong confidence among entrepreneurs in the 
benefits of technology use in business operations. Most 
respondents agreed that adopting up-to-date digital 
technology can help them manage their businesses 
more efficiently (Item 4, mean = 4.31). They also 
acknowledged that it is difficult to remain competitive 
without adopting technology that aligns with current 
market demands (Item 6, mean = 4.13). This suggests 
that entrepreneurs are not only attitudinally ready but 
also recognize the critical role of technology in ensuring 
business sustainability today.

4.2.3 Instrumental Readiness – Limitations in Digital 
Technology Devices
The overall mean for this construct is 4.266, with a 
very high Cronbach’s alpha of 0.941 (see Table 3). 
This indicates that all items consistently measure the 
barriers entrepreneurs face in accessing or using digital 
technology.  

Table 3: Digital technology readiness 
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Item 7, which states 'The main barrier identified is the high 
cost of smart devices' (mean = 4.34), and Item 8, 'Limited 
internet access' (mean = 4.19), received the highest 
mean scores in this section. These findings suggest 
that economic and infrastructure-related factors 
remain the primary obstacles to broader adoption 
of digital technology among small entrepreneurs. 
Despite a strong interest in adopting technology, 
entrepreneurs face external constraints largely beyond 
their immediate control, such as expensive equipment 
and limited internet connectivity. A one-way ANOVA test 
was conducted to compare the mean levels of Digital 
Technology usage across the three main dimensions 
of the Digital Technology Readiness construct: (i) skills 
readiness, which refers to proficiency in technology 
use; (ii) cognitive readiness, reflecting perceptions and 
attitudes toward technology’s business impact; and (iii) 
instrumental readiness, relating to limitations in access 
to digital technology devices. The ANOVA was used to 
determine whether there were significant differences 
in mean digital technology usage among respondent 
groups categorized by their readiness levels. The results 
are presented in Table 4.

4.2.4 Skills Readiness – Mastery of Digital Technology Skills
The one-way ANOVA results in Table 4 indicate an 
F-value of 3.069 with a p-value of 0.022, which is 
below the conventional significance level (p < 0.05). 
This suggests a statistically significant difference in 
digital technology usage based on the respondents’ 
proficiency levels. In other words, the higher the skill 
level in using digital applications, the more likely the 
entrepreneur is to actively use these technologies in their 
business operations.  This reflects a positive relationship 
between skills readiness and technology adoption.

4.2.5 Cognitive Readiness – Perception of Technology’s 
Impact on Business
For the cognitive readiness dimension, the one-way 
ANOVA results also showed a marginally significant 
difference in means (F = 2.565, p = 0.040), which is 
below the 0.05 significance threshold. This implies that 
perceptions of technology’s effectiveness in business 
are associated with actual levels of digital technology 
usage.  Respondents who reported stronger beliefs 
that technology facilitates operations and enhances 
competitiveness also tended to report higher levels of 
digital tool adoption in their business activities.

4.2.6 Instrumental Readiness – Limitations in Digital 
Technology Access
The analysis for the instrumental readiness dimension, 
which includes barriers such as the high cost of smart 

devices and limited internet access, shows an F-value of 
1.718 with a p-value of 0.158, indicating non-significance 
at the 0.05 level.  This suggests that differences in 
digital technology usage are not statistically significant 
across groups with varying levels of resource limitations. 
Whi le device and infrastructure constraints are 
acknowledged, they may not independently account 
for lower levels of usage.  It is possible that limited digital 
skills reduce entrepreneurs’ motivation to invest in 
advanced devices and internet infrastructure.

5. DISCUSSIONS

The descriptive analysis reveals that the level of digital 
technology use in business operations among low-
income entrepreneurs remains moderate, primarily 
limited to basic tools and task-specific AI applications, 
particularly within the context of a developing nation.  
These findings corroborate and extend prior research 
by Ramdan et al. (2020), Roman and Rusu (2022), 
and Schwaeke et al. (2025), which similarly identified 
constrained digital adoption within marginalized 
business communities.  Notably, the entrepreneurs 
exhibit a relatively high readiness to engage with 
digital technologies, encompassing three critical 
dimensions: skills, mindset, and access to digital devices 
and infrastructure. Mindset readiness emerged as the 
strongest dimension, reflecting a growing awareness 
among these entrepreneurs of digital technology’s 
perceived potential to enhance operational efficiency 
and business performance.

Nonetheless, enduring challenges impede the full 
realization of digital integration, particularly concerning 
skills proficiency and access to affordable digital 
devices. These obstacles align with documented 
barriers in the literature (Ramdan et al., 2020; Roman 
& Rusu, 2022; Faruque et al., 2024; Da Silva et al., 2024; 
Schwaeke et al., 2025;), emphasizing that economic 
constraints and limited infrastructure remain significant 
inhibitors for micro and small enterprises. Within the 
context of this study, entrepreneurs perhaps inevitably 
prioritize essential living expenses over investments in 
digital technologies, reflecting a socio-economic reality 
that further limits technology adoption.  Demographic 
factors, particularly age (predominantly above 38 
years) and limited formal education, further contribute 
to slower acquisition and mastery of digital skil ls, 
even when entrepreneurs’ express motivation to 
learn.  This concurs with Huseyn et al.’s (2024) findings, 
which demonstrated that educational background 
significantly shapes the degree of digital readiness 
among entrepreneurs.

Table 4: ANOVA comparison of mean results 
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Through the lens of the Technology Acceptance 
Model (TAM), the observed alignment between digital 
usage and readiness levels underscores the integral 
role of individual capacities and attitudes in shaping 
technology adoption behaviors.  The data indicate 
that digital technology use among these entrepreneurs 
is conditioned by three key factors that align with TAM 
constructs: mindset towards the benefits of digital 
technology in business, which reflects perceived 
usefulness; access to enabling devices, which relates 
to perceived ease of use; and skills competency, which 
corresponds to behavioral intention to use.  Additionally, 
in the context of asnaf entrepreneurs, perceived ease 
of use is primarily associated with the availability of 
resources that determine their ability to use digital 
technology. For instance, without internet access and 
sophisticated devices, it is difficult for them to utilize any 
digital technology. Skill competency, on the other hand, 
becomes the internal force that ignites the actual use 
of digital technology.  Thus, this study presents a unique 
application of TAM within a lower-income entrepreneur 
or asnaf entrepreneurs community, highlighting how 
resource availability shapes ease of use.  This study 
contr ibutes to the refinement of the Technology 
Acceptance Model by demonstrating that, within the 
asnaf community, perceived ease of use is not solely 
determined by system design or user interface, but 
by access to enabling infrastructure such as internet 
connectivity and sophisticated digital devices. This 
reconceptualization suggests that TAM may require 
contextual adaptation when applied to marginalized 
or resource-constrained populations.

Given these insights, future research should rigorously 
test the interrelationships between readiness dimensions 
and technology adoption using larger sample sizes 
and robust inferential methods such as structural 
equation modeling, hierarchical regression. Empirical 
validation of TAM within low-income entrepreneurial 
contexts will enrich understanding and guide tailored 
interventions to bridge digital divides in marginalized 
business sectors. The zakat agencies may implement 
intervention programs such as tailored digital skills 
training, subsidized access to devices, and mentoring 
initiatives for asnaf entrepreneurs with higher learning 
capacity, particularly among the younger age group.   
For older entrepreneurs who struggle with digital 
learning, zakat agencies may consider deploying digital 
support personnel to assist in the adoption of technology 
tailored to their business operational needs, especially 
in marketing and record-keeping.

6. CONCLUSION

The integration of digital technology has become 
imperative in contemporary business environments. 
Firms that successfully adapt to emerging technologies 
are more likely to experience enhanced operational 

efficiency and improved marketing effectiveness, both 
of which contribute positively to overall business growth 
and sustainability. Findings from this study indicate 
that entrepreneurs from low-income backgrounds 
require strengthened digital competencies, access 
to appropriate technological devices, and adequate 
infrastructure to effectively adopt digital tools in their 
business operations. Moreover, in certain contexts, 
the provision of professional support services is 
essential, particularly for individuals who face barriers 
to acquiring new technological skills due to age or 
limited educational attainment. Such support is crucial 
to facilitate the meaningful integration of technology 
adoption into their business processes.
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